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Abstract Data Discovery Infrastructure Case Studies

Next-generation Geoscience needs to handle rapidly growing data volumes from ground- lonosphere & Space Weather
based and space-based sensor networks. As real-world phenomena are mapped to data,
the scientific discovery process essentially becomes a search process across
multidimensional data sets. The extraction of meaningful discoveries from this sea of
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cloud environment. This approach helps delegate the automatic exploration of the L " B | Symposium (IPDPS 2016)
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space weather and ionospheric studies, volcanics and surface deformation, and discuss v W W

further generalizations of our approach for other science areas.
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