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Objectives

. Develop a core set of community-driven and scalable capabilities for meeting the requirements of spatial data synthesis in representative scientific case studies

. Establish a suite of scalable data integration and aggregation capabilities by leveraging cyberGIS — geographic information science and systems (GI|S) based on advanced cyberinfrastructure
. Evaluate and improve these capabilities by engaging the broad cyberGIS community that spans bio, computational, engineering, geo, and social sciences

. Integrate the data synthesis capabilities with the CyberGIS Science Gateway to ensure open and broad access to the capabilities

. Develop novel education and training materials for a large number of users to learn the capabilities and related scientific principles of spatial data synthesis

O WODN -

Architecture Case Study 1: TopolLens Geospatial Operation Management
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e The project team organized the first NSF Geospatial

Figure 2 Indexing spat_ial object§ us_ing g_eohash: Figure 4. (a). UrbanFlow user interface; (b). CyberGIS workflow Data  Science Workshop held in conjunction With
(a)- Polygon indexing; (b). Line indexing gare 2. 14 1Y CyberGIS 2016 on July 25-26 @ Urbana, Illinois, USA.
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